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Table 1 The parameters of regression model in Tongguan section
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Table 2 The predictive results of ammonia flux based on union model in Tongguan section kg/s
2006 £ H 1 2 3 4 5 6 7 EHEE/ %
BERFLER 2.88 433 4.87 3.14 3.74 400 1.8 e
BETH -0.25 1.19 171 0.01 0.62 0.87 -1.23 oo
HRERTN 222 1.78  2.22  1.10 2.42 205 0.48 = e
B )3 T .32 276  3.32  1.57 2,18 2.4  0.33 64.56
ANN Tl (#5i31)  2.00 1.74 171 1.19 17.60 121 0.76 50.05
ANN T (EHE)  2.00 1.74 1.7 1.19 2.18 1.21 0.76 80.79
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Table 3 The parameters of regression model in Sanmenxia section
&84 Bo B B B F(Zit®) ROHXRE) p(HEREHEER)
COD( HAR) 17.55 -0.05 -0.005 0.32 8.72 0.67

0.000
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Table 4 The predictive results of COD based on union model in Smenxia section mg/L
2006 £ A 7 1 2 3 4 5 6 7 FEREE/ %

COD £ 27.20  13.20 21.20 12.00 12.60 20.90 13.70 @ .o

[Bl 3T 25.83 19.81 18.82 18.91 22.29 21.10 25.18 59.20
ANN ff(FHa7) 53.40 23.50 20.80 12.40 17.40 22.00 15.70 66.07

BEELER 32.10 26.08 25.09 25.16 28.56 27.37 31.44 = -

BIETR 19.56 13.54 12.55 12.34 16.02 14.83 14.91 = -eeeee
ANN fuf (#£#I/5) 25.83  23.50 20.80 12.40 17.40 22.00 15.70 80.91
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Fig.1 The neural network model of ‘
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Fig.2 The neural network model of
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Fig.3 The predicted results of ammonia flux based
on union model in Tongguan section
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The Design and Building of the Spectrum Database for the
Typical Ground Objects Based on VB and SQL Server

BU Xiao-cui, WANG Zhi-xin
(College of Geology Engineering and Geomatics of Changan University, Shanxi Xian 710054, China)

Abstract: It becomes the main idea and method to gain the surface information of the earth and understand and recognize the
ground objects by using the spectral remote sensing data because different ground objects have different spectrum. Meanwhile,
collecting and accumulating all kinds of typical spectrum data is a very important aspect for basic study and application in remote
sensing. The paper involves several key problems, it simply introduces some familiar spectrum databases in current, and discus-
ses the structure and function of the system, the requests of the data for database building, the progress of the database building
and the interface designing. All those have laid the foundation for the study of the spectral matching.

Keywords : ground object spectrum; database; remote sensing
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The Forecast of Water Quality Based on Artificial
Neural Networks and Regression Analysis

LI Yi-fang' ,CHENG Wan-i',LIU Jian-ting' ,CHENG Yin-hang’

1. College of Mathematics and Information Science, North China Institute of Water Conservancy and
Hydroelectric Power, Henan Zhengzhou 450011, China;

2. Tianjin Institute of Geology and Mineral Resources, Chinese Geological Survey, Tianjin 300170,China

Abstract: As to the abnormal phenomenon in the forecast of artificial neural networks ( Artificial Neural Networks, acronym
ANN) , the method, in which the forecast range from the regression analysis model is used to control the abnormal phenomenon,
has been adopted. In the forecast of the water quality of Yellow River in San Menxia, the average accuracy of the quantity of Am-
monia and Nitrogen before the control of ANN is only 50. 05 percent, this is because the forecast number is very different of the
accurate number in June 2006, the relative error of the forecast number reach up to 214. 88 percent, beyond the forecast range of
regression, in order to have effect on the whole accuracy. The accuracy of this month is 90. 08 percent, the average accuracy rea-
ches up to 80.79 percent; the whole forecast accuracy is proved obviously. The practice shows that the method is effective to e-
liminate the abnormal phenomenon in the artificial neural networks.

Keywords: Regression analysis; Artificial neural networks; Water quality forecast



