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Fig2 BODS prediction model of effluent from municipal wastewater treatment process
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Predictive Modeling of Effluent BOD, Based on PSO Optimized
LSSVM
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1.College of Electrical Engineering, Chuzhou Polytechnic, Chuzhou Anhui 239000, China ;
2.Nanjing Dianyan Electric Power Automation Co., Ltd., Nanjing Jiangsu 210000, China

Abstract :In view of the fact that BODj is lack of running state information in urban sewage treatment, and it is difficult to achieve

real-time detection, a predictive control strategy of effluent BOD, based on particle swarm optimization (PSO) and least support

vector machine (LSSVM) is proposed. Under the condition that the effluent quality parameters are stable and up to the standard,

the input and output parameter data in the process of urban sewage treatment are extracted, the effluent BOD; of the controlled ob-

ject is modeled by LSSVM, and the parameters of LSSVM model are optimized by PSO to obtain the optimal regularization param-

eters

and kernel parameters. The simulation results show that the model improves the prediction accuracy of effluent BOD; value,

and has good generalization ability, achieving the real-time effect.

Keywords : particle swarm optimization; LSSVM; effluent BOD,; modeling
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