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3.if(D,, <D,>D,,,
D, ,=D,<D,,,
D, ,>D,=D,,,
4. D->X",D, =D,

i D, - D,l )
H(—=
D |+D. "

max min

OR D, ,<D;=D,,,OR
OR D,_,>D;<D,,, OR
OR D, ,=D,>D,,) then

6. D.—> X*,D =D,
7. end if

8. end if

9. Next i

10. D,—> X*

11. Return(X*)

END
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end if
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11. endif
12. Nexti
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> ) then

16. Xre—> XM XM (T)++
17. else

18. X—> XM X*(T)++
19. end if

20. Nexti

21. Return X*

END
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Improved Representation Alogrithm of Key Points in Times Series

LIU Yongzhi'*, LIN Feng'

1. Alibaba Big Data School, Fuzhou Polytechnic, Fuzhou Fujian 350108, China ;

2. College of Computer Science and Technology, Nanjing University of Aeronautics and Astronautics,
Nanjing Jiangsu 210016, China

Abtract: Aiming at the problem of low compression rate in time series data representation, firstly, the definition of time series

and nine basic forms of time series are given. Then, through the optimization of extreme points, the key extreme points and the

extreme points with slight changes are proposed, and the IRAKPTS algorithm combined with the turning point algorithm is

given. Finally, it is verified by experiments that the time series data of the IRAPKTS algorithm retains the contours of the time

series well and improves the compression efficiency.
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