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Simulation for Vote System Bayesian Reliability Assessment

BAI Zhong-gan' > XIE Hong-wei' LI Peng-bo' ZHANG Xiang-ping'
( 1. College of Mechatronics Engineering and Automation National Univ. of Defense Technology Changsha 410073 china)
2. Troop 63880

Abstract Simulation for vote system Bayesian assessment is discussed. The method is based on the structure of the vote system and
Bayesian theory on reliability. The components’ posterior distribution of reliability can be obtained by the fusion of their aprior informa-
tion. Three ways including Bayesian Monte — Carlo Bayesian bootstrap Double Bayesian Monte — Carlo are used in the simulation.
Situations are considered respectively when the components’ distribution types are the same or different from each other. Steps to calcu-
late their reliability are given. Examples proved the feasibility of the simulation.
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