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1 GARCH(1,1)
Table 1 Estimation results of the GARCH(1,1) for the six stock markets

A A
T T
w1 1.598FE-05 8. 19E-09 1951. 758 7.82E-05 1. 22E-08 6 431.917
a1 0.251 866 5 0. 008 397 29.996 82 0.272 476 0.047 816 5.698 39
B 0.748 109 5 0.013 092 57.142 21 0.613 042 0.047 458 12.917 52
w2 0.000 737 2 1.52FE-07 4 858.521 0.001 098 6. 29E-07 1744, 894
a2 0.045 814 3 1.59F-05 2 887.71 0.046 947 5. 86E-05 801.3491
B2 0.950 022 5 2. 47E-08 3844 105 0.946 258 4. 32E-08 21924 507
B B
T T
w1 2. 906 E-05 1. 68FE-09 17 283. 35 6. 813E-05 2. 75E-09 24 788. 31
ai 0.306 1625 0.010013 30.576 02 0.297 303 0.010 276 28.932 49
B 0.685 147 8 0.006 139 111.589 5 0.626 641 0.008 982 69.770 1
w2 0.045 638 5 8. 09FE-05 563. 584 4 0.040 324 5.48E-05 736.059
az 0.1339394 0. 000 575 233.920 1 0.051 090 0.000 926 55.160 2
[ 0.7317158 0. 000 20 3603.167 0.798 231 0.001 311 609. 04
T T
w1 0.001 5 4. 64E-08 32 360.03 0.021 166 1. 489F-05 1426.717
ai 0.1104 3. 04E-05 3632.226 0.322 471 0.002 209 145. 158 6
B 0.867 6 3. 17E-06 274 028.8 0.032 955 0.002 014 27.429 91
ws 1.63E-04 7.07E-09 23138.2 1. 96 E-06 4. 286F-09 458.714 5
a:z 0.077 2 0.001 35 56.992 74 0.152 996 0.010 972 13.9410
I3 0.916 5 0.001 03 888.074 8 0.843 318 0.007 3965 114.015 3
o 2 P B
. P . P 0.0632 0.0611,
B ,
P 0.5906  0.557 0, .
59.06% 55.70% P 0
. 9.3384 9,705 7, 0.01, .
0. 005 . o

2 DCC GARCH
Table 2 Estimation results of the DCC multivariate GARCH models

B B
a 0.004 1126 0.034 114 0.012 816 0.031 1616 0.0616 0.027 612
B 0.991 948 5 0.852 370 0.000 002 0.735974 5 0.806 8 0.899 29
P 0.063 1809 0.061 100 0.590 680 0.557 0320 0 0.01003
18. 885 374 19. 001 90 9.338 467 9.705 7528 180. 96 24.7150
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The Analyses of Factors and the Influencing Mechanism of
Watercourses Siltation Under Tide - blocking Floodgates in the
Coastal Regions in Northern Jiangsu Province

ZHEN Hua-mei, WANG Jun-ming

(Dongtai Water Conservancy Bureau of Jiangsu Province, Jiangsu Dongtai 224200, China)

Abstract : The major factors of watercourse siltation under tide— blocking floodgates in the coastal regions in northern Jian-
gsu province are tide, wind, the curving degree of watercourses, rainfall, and inning. To take necessary measures effec-
tively at the right moment and enable floodgates to exert and their engineering benefit, we must analyze these factors and
master their influencing mechanism.

Keywords: watercourses siltation under tide- blocking floodgates;the factors of siltation;the influencing mechanism
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The Correlational Analyses of Share Return and Transaction
Volume Based on DCC Multivariate CARCH Model

LIU Guo-guang', ZHANG Bing’
1. Business School of Hohai University Nanjing,Jiangsu Nanjing 210098, China
(2. School of Engineering and Management, Nanjing University,Jiangsu Nanjing 210093,China>

Abstract; This paper examines the dynamic relationship between return and the transaction volume within four internation-
al markets by using generalized positive definite multivariate GARCH models. It is found that there exists a positive dy-
namic relationship between return and the transaction volume. But the dynamic relationship is different among different
markets.

Keywords; Generalized Multivariate GARCH model; dynamic correlation coelficient;share return;transaction volume.

LABORATORIAL RESEARCHING ON GRINDING
Empirical Study of ZrQO, Ceramic Ferrule Bore

DENG Zeng-jun,GUQO Shu-juan
(School of Mechanical and Electrical Engineering, Central South University, Hunan Changsha 410083, China)

Abstract : Ceramic Ferrule is the key component of Optical Connector. With the extensive application of WDM, its market
demand is growing. To get high quality ceramic sinter, we use PSZ to manufacture the ferrule. To ensure the reliability of
levelling the ferrules and get low inserting wastage, it is vital to gain high precision and stability. This paper mainly intro-
duces a method(Grinding and polishing) to machining the ferrule roughcast and studies different technologic parameters’
influence on machining quality(mainly Roughness).

Keywords : ceramic ferrule;surface quality;roughness;grinding



