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Fig.1 GP -Based Hierarchical Rules Mining Process
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Fig.2 GP -Based Hierarchical Rules Coding Model
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Fig.3 Crossover Operation
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Hierarchical rules mining model based on genetic programming

ZHOU Qi', WANG Bin®
1. Division of Radio and Television Yancheng Institute of Technology, Jiangsu Yancheng 224002, China;
(2. Engineering Research Center, Yancheng Institute of Technology, Jiangsu Yancheng 224002,China )

Abstract: According to the requirements of mining hierarchical rules and the characteristic of the genetic programming (GP), a
hierarchical rule mining pattern based on GP has been proposed. To construct the chromosome tree of the hierarchical rules that
is necessary for GP, the coding pattern and genetic operators of the hierarchical rule mining based on GP has been designed. To
design the fitness function, three indicators — support, confidence, and correlativity, and some other constraints such as hierar-
chical coefficients were considered. Finally, a case has been employed to demonstrate the reliability of the GP - based hierarchi-
cal rules mining model.
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Study on Speaker Recognition Under Noise
Environment Based on PCANN/PDP

XIA Shu-lan
(Department of Experiment Teaching, Yancheng Institute of Technology, Jiangsu Yancheng 224051, China)

Abstract; This paper presents the method for speaker recognition based on PCANN/PDP mixed configuration. It adopts a se-
quence of frames as input of speaker recognition system to introduce the correlation between frames. In allusion to the noise char-
acteristics of small relativity,small contribution in main component of voice signal, it adds PCANN for compressing voice main pa-
rameters in the preceding part of speaker recognition system. At the same time , it advances speaker recognition of probability DP.
Through the experiments of speaker — independent in noise environment, the validity of the proposed approach could be verified.
Keywords ; speaker recognition; noise; DP matching algorithm; principal components analysis neural network



