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Approach to Automatic of Highway Detection Incident Based on
Fuzzy support vector machine

JIAO Jun-cai
(Department of Mathematics Nanjing University of Technology, Jiangsu Nanjing 210009 ,China)

Abstract : Support Vector Machine( SVM) has the advantages of global solutions, good adaptability, high generalization in theo-
ry. Due to the randomicity ,high dimension, nonlinear,time - variant of the traffic flow data, F uzzy support vector machine( FS-
VM) applied to high way incident detection In the stage of traffic incident recognition, sixty train data was used to train the FS-
VM, sixty test data was used to testify the effect of the recognition model. The results show that the recognition rate is approximate
10 96.7% , which also proved the feasibility of the approach proposed in this paper.
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