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LMMSE Image Denoising Algorithm on Vector Space Model Context

CAI Yin-shan
( Department of Information Engineering, Jieyang Vocational and Technical School, Jieyang Guangdong 522000, China)

Abstract: Linear minimum mean square error estimation - LMMSE ( wavelet — based multiscale linear minimum mean square —
error estimation) is currently a hot topic of wavelet denoising field. Vector space discussed below is the minimum mean square er-
ror estimation of the new algorithm. Considering the image more the relationship between layers and the linear MMSE applied to
the vector space, blurring the edges of the image denoising have been greatly improved.

Keywords: LMMSE; Vector space; model context
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