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Fingdings of Mixed Exponential Distribution

WEI Biao
o (Department of Basic Science, Nanjing Political College, Nanjing Jiangsu 210003, China)

Abstract;In the statistical analysis, multivariate t distribution is an important distribution and exponential distribution family is a
family of distributions is important. This paper imitated the multivariate normal distribution to obtain a multivariate distribution
and mixed exponential distribution and distribution,a new family of distributions obtained ,known as the mixed exponential distri-
bution family. The function of parameters in the mixed exponential distribution family under the unbiased was discussed. This pa-
per pointed out that the exponenfial distribution family and exponential mixture distribution family had the same complete statistic
and the sufficient staticstics.

Keywords ; multivariate 1 — distribution; mixed exponential distribution; sufficient statistics
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Product Design Time Forecast by Using Gaussian
Margin Kernel Regression

SHANG Zhi-gen
(School of Electrical Engineering, Yancheng Institute of Technology, Yancheng Jiangsu 224051, China)

Abstract ; There exist problems of small samples and heteroscedastic noise in design time forecast. To solve them, Gaussian mar-
gin kernel regression (GMKR) is proposed. First, the Gaussian distribution over weight vectors for the kemel — based regression
is assumed for GMKR, and the optimization objective function of GMKR is designed by considering both the relative entropy and
the sum of the natural log of the output probability densities. Then, the optimization problem of GMKR is simplified by assuming
the covariance matrix of the Gaussian distribution to be a diagonal matrix, and its relevant optimization problem is solved based on
particle swarm optimization algorithm. Finally, the effectiveness of GMKR is verified by our experiment results on the time fore-
cast of plastic injection mold design.

Keywords; Design time; Forecast; Kemel function; Relative entropy; Heteroscedasticity
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